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ABSTRACT
Accurate wet gas flow measurement is essential for production optimisation, custody transfer, and regulatory compliance in the
energy and chemical industries. Conventional ultrasonic flow meters often overestimate gas flow rates due to liquid entrainment,
while microwave sensors alone struggle with phase discrimination under dynamic conditions. This study introduces a hybrid
metering system,Ultrasonic FlowMeters andMicrowave SensingMeasurement ofWetGas (USMMW), that integrates transit-time
ultrasonic flow measurement with microwave dielectric sensing to correct over-reading errors. Experimental data were collected
from a controlled multiphase flow loop using a 2-inch pipeline equipped with an ultrasonic meter and a 2.7 GHz microwave
sensor. A data-driven over-reading correction model (OR) was developed using detected liquid volume fraction (LVF) and eight
dimensionless parameters derived via the Buckingham Pi theorem. Multiple regression andmachine learning techniques, includ-
ing multilinear regression (MLR) and random forest regression (RFR), were applied to optimise model performance. Validation
results showed that the USMMW system achieved corrected gas flow rates with an average relative absolute error (RAE) of 3.02%,
outperforming conventional differential pressure models. The findings demonstrate that USMMW offers a robust, non-intrusive
solution for real-time wet gas metering under mist and stratified flow regimes, with potential for scalable industrial deployment.

1 Introduction

Accurate measurement of wet gas flow remains a persistent
and technically demanding challenge across the oil, gas, and
energy sectors. Wet gas, typically defined as a gas-liquid two-
phase mixture with a gas volume fraction (GVF) exceeding
90%, is commonly encountered in natural gas extraction, subsea
transport systems, and petrochemical processing environments
[1, 2]. Its prevalence in upstream and midstream operations
makes reliable metering essential for production optimisation,
custody transfer, fiscal accountability, and regulatory compliance.

However, the presence of entrained liquid droplets and conden-
sates introduces significantmetrological complexity. These liquid

phases distort sensor readings, particularly in velocity-based and
pressure-based meters, leading to systematic over-reading of
gas flow rates. Such inaccuracies can compromise operational
safety, skew production data, and result in substantial financial
discrepancies [3, 4]. The challenge is further exacerbated under
mist and annular flow regimes, where droplet entrainment and
phase slip effects become dominant.

Traditional metering technologies such as differential pressure
(DP) meters, Venturi tubes, and orifice plates have long been
used due to their simplicity and robustness. Yet, under wet gas
conditions, these devices exhibit pronounced over-reading errors,
often requiring empirical correction models that are limited in
scope and generalisability [5–7]. While multiphase flow meters
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(MPFMs) offer improved accuracy by directly quantifying phase
fractions, they are typically expensive, intrusive, and opera-
tionally complex, often relying on radioactive sources or bulky
separation mechanisms [8].

In response, ultrasonic flow meters (USMs) have emerged as
attractive alternatives for measuring gas flow due to their non-
intrusive design, wide turndown ratio, and capability to provide
real-time monitoring without causing additional pressure drop.
However, USMs consistently overestimate gas flow in wet con-
ditions, with reported errors ranging from 3% to 20%. This is
particularly problematic under mist and annular flow regimes,
where droplet entrainment distorts the acoustic signals [9, 10].

In parallel, microwave sensors have been explored for their
potential to detect liquid content by exploiting the differences in
dielectric properties between gas and liquid phases. These sensors
can achieve high sensitivity to water content, with detection
accuracies as fine as 0.1–0.2% under controlled conditions [11].
However, their performance is significantly affected by factors
such as salinity, turbulence, and calibration requirements. Con-
ventional mixture models, like Bruggeman-Hanai, often fail to
capture the complexities of actual wet gas flows [8, 12].

Efforts to combine these technologies into hybrid approaches,
such as integrating ultrasonic velocity measurement with
microwave-based liquid detection, have shown promise for
reducing overestimation and improving overall reliability.
Nevertheless, many of these approaches are limited by the
need for empirical correction factors, lack of adaptability across
diverse flow regimes, and insufficient validation under relevant
industrial conditions [13].

Recent advancements in wet gas metering have increasingly
turned toward data-driven and hybrid modelling approaches that
integrate physical principles with machine learning (ML) and
regression techniques. Iliyasu et al. [14] demonstrated that com-
bining ML algorithms with physical flow models significantly
enhances the adaptability of wet gas meters across varying flow
regimes, reducing calibration dependency and improving reliabil-
ity in mist and annular conditions. Similarly, Li et al. [15] applied
gradient-boosted regression to optical flow data for gas-liquid
two-phase measurement, achieving high predictive accuracy (R2
= 0.97) and showcasing the potential of ML-optimised regression
frameworks for industrial monitoring.

Numerous single-phase metering techniques for wet gas have
been studied based on ultrasonic and microwave technologies,
as summarised in Table 1 below. Existing measurement systems
that rely on a single sensingmodality often struggle to capture the
full complexity of wet gas flows. Traditional correction models,
whether empirical or semi-analytical, frequently lack adaptability
across varying operating conditions, particularly in low liquid
loading scenarios. Furthermore, these models can be either too
rigid or too expensive for scalable industrial applications [3,
16]. The nonlinear interactions among flow parameters, sensor
responses, and environmental conditions necessitate a more
dynamic and integrated approach.

The purpose of this research is to design, develop, and validate
a hybrid Ultrasonic-Microwave (USMMW) metering system for

wet gas measurement that integrates transit-time ultrasonic flow
measurement with microwave dielectric sensing, supported by
regression and machine learning techniques. The study specifi-
cally seeks to formulate an empirical over-reading (OR) correc-
tionmodel using liquid volume fraction (LVF) and dimensionless
parameters derived from multiphase flow dynamics; implement
and compare regression methods, including multilinear regres-
sion (MLR) and random forest regression (RFR), to optimise
correction accuracy; experimentally validate theUSMMWsystem
using controlled multiphase flow loop data; and benchmark the
proposed model against conventional differential pressure (DP)
correction methods such as those of Murdock, Chisholm, and de
Leeuw.

2 Material and Methods

2.1 Measurement Principle

The hybrid Ultrasonic Flow Meters and Microwave Sensing
Measurement of Wet Gas (USMMW) system was developed by
integrating two complementary sensing principles: (i) transit-
time ultrasonic flow measurement, which determined the bulk
velocity of the gas-liquid mixture, and (ii) microwave trans-
mission line sensing, which estimated the LVF by exploiting
dielectric property contrasts between phases. Together, these
principles provided the necessary parameters for constructing the
OR model.

2.1.1 Transit-Time Ultrasonic Flowmeter (TT-USM)

Ultrasonic transit-time the ultrasonic flowmeter (TT-USM) oper-
ates on the transit-time principle, where two transducers alter-
nately transmit and receive ultrasonic pulses across the flow path.
The difference in transit times between upstream and down-
stream signals is used to calculate the average flow velocity. This
technique is well-established andwidely adopted in industrial gas
metering applications [13, 22]. Tomaintain academic conciseness,
detailed derivations are not included here. Readers seeking foun-
dational theory are referred to American Gas Association (AGA)
Report No. 9 [22], International Organization for Standardization
(ISO) TR12748 [23], and van Putten and Dsouza [13].

The core velocity function used in this study is:

𝑣 = 𝐿

2 cos 𝜃
⋅

(
𝑡2 − 𝑡1
𝑡2𝑡1

)
(1)

Where, 𝐿 is the distance between transducers, 𝜃 is the inclination
angle, 𝑡1 and 𝑡2 are the upstream and downstream transit times,
respectively.

The volumetric flow rate 𝑄 is then computed as:

𝑄 = 𝐴 × 𝑣 = 𝐴 × 𝐿

2 cos 𝜃
⋅

(
𝑡2 − 𝑡1
𝑡2𝑡1

)
(2)

This function forms the basis for ultrasonic flow rate estimation in
the hybrid USMMW system. In this study, the ultrasonic module
provides baseline flow measurements, which are corrected using
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microwave-derived liquid volume fraction and dimensionless
parameters to account for over-reading in wet gas conditions.

2.1.2 Microwave Transmission Line Sensor

This study employed a transmission line microwave sensor for
liquid detection. The microwave transmission line sensor oper-
ates by exploiting the electromagnetic field interactions described
by Maxwell’s equations. Starting from the constitutive relation
𝐷 = 𝜀𝐸, the wave equation in a homogeneous, isotropic medium
was derived from the curl equations of Maxwell. In the frequency
domain, the propagation constant 𝛾 was expressed as:

𝛾 = 𝛼 + 𝑗𝛽 = 𝑗𝜔
√
𝜇𝜀∗ (3)

where 𝛼 is the attenuation constant, 𝛽 the phase constant, 𝜔 the
angular frequency, 𝜇 themagnetic permeability, and 𝜀∗ = 𝜀′ − 𝑗𝜀′′

the complex permittivity of the medium [24]. Under the low-loss
approximation, the real part of the permittivity dominated, and
the effective dielectric constant of the wet gas mixture, 𝜀𝑚, was
obtained from the measured propagation constants as:

𝜀𝑚 =
(
𝛽2 − 𝛼2

)
𝑐2

𝜔2
(4)

where 𝑐 is the speed of light in free space. The transmission line
sensor measured the amplitude attenuation (Δ𝐴) and phase shift
(Δ𝜃) of the microwave signal over a known propagation distance
𝑥. These were related to the propagation constants by:

Δ𝐴 = −8.68 𝛼𝑥, Δ𝜃 = 𝛽𝑥 (5)

From these relations, the effective permittivity 𝜀𝑚 of the wet gas
mixture was determined [8]. To relate the effective permittivity to
the phase composition, the Bruggeman effective-medium model
was applied. This model accounted for the contributions of both
gas and liquid phases to the overall dielectric constant of the
mixture and was expressed in closed form (inverted to estimate
LVF) as:

(
𝜀𝑙 − 𝜀𝑚
𝜀𝑙 − 𝜀𝑔

×
𝜀𝑔

𝜀𝑚

)𝐴0

= 1 − LVF (6)

where 𝜀𝑙 and 𝜀𝑔 are the dielectric constants of the liquid and
gas phases, respectively, 𝐴0 is the shape factor (taken as 1/3 for
spherical droplets), and LVF is the liquid volume fraction [11, 12].
Because the equation is nonlinear, LVF was obtained iteratively
from the measured 𝜀𝑚.

2.2 Over-Reading Correction for Ultrasonic Flow
Meter

The presence of a liquid phase in wet gas flow leads to system-
atic over-reading in ultrasonic flow meters. This over-reading
occurred because the entrained liquid increased the apparent gas
velocity, thereby causing the measured volumetric flow rate to
exceed the actual dry gas flow rate [10, 13]. Here, the empirical
OR is defined as the ratio of themeasuredwet gas volumetric flow

rate (𝑄𝑡𝑝) to the actual dry gas volumetric flow rate (𝑄𝑔):

𝑂𝑅 =
𝑄𝑡𝑝

𝑄𝑔

= 1

𝛼𝑔

(7)

where𝛼𝑔 denoted the gas void fraction. Since the void fractionwas
related to the liquid hold-up (𝛼𝑙) by the normalisation condition
𝛼𝑔 + 𝛼𝑙 = 1, theORwas directly proportional to the liquid content
in the mixture.

To generalise the correction model, dimensional analysis was
applied using the Buckingham Pi theorem, which reduced
eleven independent flow variables into a set of eight dimension-
less parameters [25]. These parameters captured the dominant
physical effects influencing over-reading and were therefore
incorporated into the correction model. The Lockhart–Martinelli
parameter (𝑋𝑙𝑚) was used to represent the ratio of liquid to gas
mass flow rates, adjusted for density differences. The Reynolds
numbers of gas and liquid (Re𝑔 andRe𝑙) characterised the relative
contributions of inertial to viscous forces in each phase, while the
Weber number (We) quantified the balance between inertial and
surface tension forces. The Froude number (Fr𝑔) accounted for
gravitational influences on multiphase flow regimes, particularly
in distinguishing stratified from dispersed flow. In addition, the
density ratio (DR = 𝜌𝑙 ∕𝜌𝑔) captured the disparity between liquid
and gas densities, and the slip ratio (𝑆 = 𝑈𝑠𝑔 ∕𝑈𝑠𝑙) represented
the relative velocities of the gas and liquid phases. Together,
these dimensionless parameters provided a systematic frame-
work for modelling the complex hydrodynamic interactions that
contributed to ultrasonic over-reading in wet gas measurement.

The critical Froude number (Fr∗𝑔) is particularly important in
distinguishing flow regimes. When Fr𝑔 < Fr

∗
𝑔 , the flow was

stratified, whereas Fr𝑔 > Fr
∗
𝑔 indicated dispersed or mist flow

conditions (Xu et al., 2017). Under mist flow, the void fraction
approached the gas volume fraction (𝛼𝑔 ≈ GVF), simplifying the
correctionmodel. The generic functional formof the over-reading
correction model was therefore expressed as:

OR = 𝑓
(
LVF,𝑋𝐿𝑀, Fr𝑔,We,DR, Re𝑔, Re𝑙, 𝑆

)
(8)

where 𝑓 represented the dependence on liquid volume fraction
and the influence of multiphase dimensionless parameters.

2.3 Hybrid OR Correction

TheOR correctionmodel for the integrated ultrasonic-microwave
metering system (USMMW) for wet gas was developed by com-
bining the velocity measurement from the ultrasonic flow meter
with the phase fraction detection from the microwave sensor.
The ultrasonic flow meter measured the total volumetric flow
rate of the wet gas mixture (𝑄𝑡𝑝), while the microwave sensor
provided the LVF by estimating the effective dielectric constant
of the mixture using the Bruggemanmodel. The gas void fraction
(𝛼𝑔) was then obtained as 1 − LVF, which was substituted into
the OR formulation as expressed in Equation (9), and hence the
OR relationship is expressed as:

OR = 1

1 − 𝐿𝑉𝐹
(9)
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FIGURE 1 Modelling approach for USMMW over-reading correction factor.

The microwave sensor calculated the effective dielectric constant
of the mixture, which was linked to the LVF through the
Bruggeman mixture rule, as expressed in the closed function in
Equation (8). By solving Equation (8) iteratively, the LVF was
determined and subsequently used to refine the OR model.

To account for the influence of multiphase flow dynamics, the
hybridmodel incorporated the dimensionless parameters derived
in Section 2.2, including the Lockhart–Martinelli parameter
(𝑋𝑙𝑚), Reynolds numbers (Re𝑔, Re𝑙),Weber number (We), Froude
number (Fr𝑔), density ratio (DR), and slip ratio (𝑆). The generic
hybrid correction model was therefore expressed as:

OR = 1(
𝜀𝑙−𝜀𝑚
𝜀𝑙−𝜀g

.
𝜀𝑔

𝜀𝑚

)𝐴0
× 𝑓

(
𝑋𝑙𝑚, Frg, DR, Re𝑙∕Re𝑔, DR, We, 𝑆

)

(10)

where 𝜀𝑙 and 𝜀𝑔 represented the dielectric constants of the
liquid and gas phases, respectively, and 𝐴0 was the shape factor
(assumed to be 1/3 for spherical droplets). Finally, the corrected

wet gas flow rate (𝑄𝑔,𝑐𝑜𝑟𝑟) is then estimated using the equation:

𝑄𝑔,𝑐𝑜𝑟𝑟 = 𝑄𝑡𝑝 × OR (11)

Figure 1 below illustrates the modelling framework of the over-
reading correction factor for wet gas metering using integrated
ultrasonic-microwave (USMMW).

2.4 Data Collection and Feature Computation

2.4.1 Experimental Facility and Setup

Experiments were carried out in the Process Systems Engineering
(PSE) Laboratory at Cranfield University using a closed multi-
phase flow loop specifically designed for wet gas testing. The
2-inch pipeline was fitted with a FLEXIM Fluxus ultrasonic
meter and a 2.7 GHz microwave sensor. As depicted in Figure 2,
the facility consisted of three interconnected loops: a gas loop
(FL01), a liquid loop (FL02), and a wet gas loop (FL03). Gas and
liquid were injected at controlled rates and combined upstream
of the metering section, which housed a clamp-on ultrasonic

IET Science, Measurement & Technology, 2025 5 of 15
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FIGURE 2 Test rig comprising the metering section, wet gas, actual gas and liquid flow.

TABLE 2 Summary of experimental ranges.

Parameter Symbol Range/Value Measurement method

Wet gas volumetric flow rate Qtp 25–550 m3/h Ultrasonic flow meter (USM03)
Superficial gas flow rate Qg 20–500 m3/h Coriolis meter (FM01)
Superficial liquid flow rate Ql 0.05–25 m3/h Coriolis meter (FM02)
Liquid volume fraction LVF 0.1–5% Microwave sensor (MS03) + Bruggeman
Pressure P 1.25–30 bars Rosemount 3051 PT
Temperature T 20–40◦C Calibrated TT
Density ratio DR 720–850 (ρl/ρg) From reference data
Reynolds number (gas) Reg 1000–31,000 Computed
Reynolds number (liquid) Rel 500–6000 Computed
Weber number We 2–10 Computed
Froude number (gas) Frg 0.1–1 Computed
Slip ratio S 200–350 Computed
Flow regimes observed − Stratified, annular, mist Sight glass

flow meter (USM03) and a microwave dielectric sensor (MS03).
Reference measurements for superficial gas and liquid flow rates
were obtained using calibrated Coriolis meters (FM01 for gas
and FM02 for liquid), which had uncertainties of ±0.2% FS
and ±0.25% FS, respectively, adhering to AGA Report No. 11
and ISO/TR12748 guidelines. These reference meters provided an
accurate determination of the actual gas and liquid superficial
velocities, while the ultrasonic flowmeter measured the total wet
gas flow rate.

The test matrix was designed to systematically vary operating
conditions across industrially relevant ranges as summarised
in Table 2 below. The wet gas flow rate was varied between

25 m3/h and 550 m3/h, while the superficial gas and liquid
flow rates were independently controlled by the Coriolis meters
to achieve liquid volume fractions (LVF) between 0.1% and
5%. The operating temperature was maintained between 20 to
40◦C, and pressure was varied from 1.25 bar to 30 bar. These
conditions corresponded to a reasonable slip ratio, ensuring
realistic wet gas hydrodynamics. Each test point was held for
at least 10 min to ensure steady-state operation and repeated
three times to assess repeatability. Flow regime transitions
(stratified, annular, mist) were visually confirmed through a
sight glass section. Figure 3 below shows the test section and
the sight grass section used to monitor the flow transition
regime.
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FIGURE 3 Metering section in the test rig at Cranfield PSE Laboratory.

2.4.2 Calibration and Baseline Measurements

Baseline dielectric constants for both the pure gas phase (εg) and
the liquid phase (εl) were determined using dedicated single-
phase lines prior to conducting wet gas testing. The microwave
sensor, operating at a frequency of 2.7 GHz, measured phase shift
(∆θ) and amplitude attenuation (∆A), whichwere then converted
into the dielectric constant of the wet gas flow (εm) using propa-
gation relations. The LVF was subsequently calculated iteratively
utilising the Bruggeman effective-medium model. Meanwhile,
the ultrasonic flowmeter measured the total volumetric flow rate
of the wet gas (Qtp). The actual dry gas flow rate (Qg) was obtained
from the reference Coriolis meter, allowing for the calculation of
the over-reading factor (OR), defined as (Qtp/Qg).

2.4.3 Data Acquisition and Processing

All instruments were connected to a centralized flow computer
via Modbus protocol to enable synchronized data acquisition
across the metering system. Measurements were recorded at a
sampling rate of 1 Hz, equivalent to 60 samples per minute. To
ensure flow stabilisation and steady-state operation, each test
condition was maintained for 10 min prior to data capture. This
protocol yielded approximately 600 time-resolved data points per
experimental run, providing sufficient resolution to characterize
transient flow behaviour and regime-dependent variability.

The experimental matrix was systematically designed to vary key
multiphase flow parameters across industrially relevant ranges.
Specifically, LVF and GVF were used as primary set points
to control phase composition. LVF varied between 0.1% and
5%, while GVF was maintained above 90%, consistent with
wet gas flow definitions. These set points were achieved by
independently adjusting the superficial gas and liquid flow rates
using calibrated Coriolis meters (FM01 and FM02) and verified
through microwave dielectric measurements.

The acquired dataset comprised both direct measurements and
derived quantities essential for multiphase flow characterization.
Primary measured parameters included the wet gas volumet-
ric flow rate (Qtp) from the ultrasonic flow meter (USM03),
superficial gas and liquid flow rates (Qg, Ql) from calibrated
Coriolis meters (FM01 and FM02), and the microwave dielectric
constant of the wet gas mixture (𝜀𝑚) from the transmission line
sensor (MS03). Pressure and temperature readings were obtained
using Rosemount 3051 transmitters and calibrated thermocou-
ples, while pipe diameter (D) was fixed at 2 inches throughout
the test campaign.

Additional fluid properties required for dimensionless analysis
were determined from reference data and validated under test
conditions. These included gas and liquid densities (ρg, ρl),
dynamic viscosities (µg, µl), and surface tension (𝜎) of the liquid
phase. These values were used to compute derived parame-
ters such as detected liquid volume fraction (LVF), Lockhart–
Martinelli number (XLM), Reynolds numbers for gas and liquid
phases (Reg, Rel), Weber number (We), Froude number (Frg),
density ratio (DR), and slip ratio (S). All calculations adhered to
standard fluid dynamics principles. Figure 4 illustrates the data
extraction for modelling the USMMW over-reading correction,
while Figure 5 provides a visualisation of parameters against the
calibration liquid volume fraction.

2.4.4 Modelling Framework for OR Correction

The empirical OR correction model for the USMMW system
was developed utilizing the experimental dataset outlined in
Section 2.4. Initially, based onEquation (7), theORwas defined as
the ratio of the ultrasonic flowmeter’s measuredwet gas flow rate
to the actual gas flow rate obtained from the calibrated reference
meter (refer to Section 2.4.2). The liquid volume fraction (LVF)
was estimated from the microwave dielectric constant of the wet
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FIGURE 4 Modelling parameters acquired from the wet gas flow rig.

FIGURE 5 Data visualisation indicating the relation of parameters to the variation of calibration liquid volume fraction (LVF).

gas flow (εm) using the Bruggeman effective medium model, as
described in Section 2.1.2.

To capture the hydrodynamic influences on ultrasonic over-
reading, the model integrated the dimensionless parameters
derived in Section 2.2, specifically XLM, Reg, Rel, We, Frg, DR,
and S. These parameters were calculated from the experimental
data as detailed in Section 2.4.3. Alongside detected LVF, they
constituted the predictor variables for the regression andmachine
learning models.

The dataset was pre-processed as described in Section 2.4.3,
with raw dynamic time-series data retained without averaging
or imputation to preserve transient flow characteristics. The
final dataset was partitioned into 70% training, 20% validation,

and 10% testing subsets, stratified to maintain the distribution
of LVF and flow regimes (stratified, annular, and mist). Two
complementary modelling approaches were then implemented:
Multilinear Regression (MLR) and Random Forest Regression
(RFR).

2.4.4.1 Multilinear Regression (MLR). MLR was
employed as the baseline model due to its transparency in
quantifying the additive contributions of predictor variables. The
regression model was expressed as:

OR = 𝛽0 + 𝛽1LVF + 𝛽2𝑋𝑙𝑚 + 𝛽3Fr𝑔 + 𝛽4We + 𝛽5Re𝑔

+ 𝛽6Re𝑙 + 𝛽7𝑆 + 𝛽8DR + 𝜀 (12)

8 of 15 IET Science, Measurement & Technology, 2025
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where 𝛽𝑖 are regression coefficients and 𝜀 is the residual error.
Multicollinearity among predictors was assessed using the vari-
ance inflation factor (VIF) analysis, and regularisation techniques
such as ridge and lasso regression were evaluated to mitigate
potential overfitting. This ensured that the MLR model provided
a statistically robust and interpretable baseline for OR correction.

2.4.4.2 Random Forest Regression (RFR). RFR was
implemented as a complementary approach to capture nonlinear
interactions beyond the scope of linear regression. As an
ensemble learning method, RFR constructs multiple decision
trees on bootstrapped subsets of the training data and averages
their predictions:

𝑦̂ (𝑥) = 1

𝑇

𝑇∑
𝑡=1

ℎ𝑡 (𝑥) (13)

where 𝑦̂(𝑥) is the predicted OR, 𝑇 is the number of trees, and
ℎ𝑡(𝑥) is the prediction from the 𝑡𝑡ℎ regression tree trained on
a random subset of features and samples. The same 70:20:10
split was applied as for MLR, ensuring consistency in model
evaluation. Hyperparameter tuning was performed using grid
search with cross-validation to optimise the number of trees
(𝑛𝑒𝑠𝑡𝑖𝑚𝑎𝑡𝑜𝑟𝑠), maximum depth, minimum samples per split, and
feature selection strategy. The final configuration employed 500
trees with a maximum depth of 12, which provided stable
predictions across diverse flow regimes while balancing bias and
variance. Performance was assessed using the same statistical
indicators asMLR, allowing for direct comparison between linear
and nonlinear modelling strategies.

2.4.4.3 Model PerformanceMetrics. Model performance
was evaluated using statistical indicators widely applied in
wet gas metering studies. These included the coefficient of
determination (R2) to assess goodness of fit, mean squared
error (MSE) and root mean squared error (RMSE) to quantify
prediction accuracy, mean absolute error (MAE) to measure
average deviation, and the Durbin–Watson statistic (DW) to test
for autocorrelation in residuals. Using a consistent set of metrics
allowed for direct comparison between the linear (MLR) and
nonlinear (RFR) modelling strategies, ensuring both statistical
rigor and reproducibility.

3 Results

3.1 Performance Overview

The empirical OR correction model for the USMMW system was
evaluated using the regression and machine learning approaches
described in Section 2.4.4. The results presented here focus
exclusively on model performance outcomes.

On one hand, the MLR model achieved exceptionally high
predictive accuracy, with a coefficient of determination (R2) of
0.9991, MSE of 0.000293, RMSE of 0.0171, and MAE of 0.0082.
Residual analysis confirmed the absence of significant autocor-
relation (Durbin–Watson = 1.72), and errors were symmetrically
distributed around zero. These results demonstrate that MLR
provided a statistically robust and transparent baseline for OR

correction, effectively capturing the additive contributions of
dimensionless parameters.

On the other hand, the optimised RFR model achieved an R2 of
0.9968, an RMSE of 0.0184, and anMAE of 0.0091. Residuals were
symmetrically distributed around zero, confirming the absence
of systematic bias. While its overall accuracy was comparable
to MLR, RFR demonstrated superior robustness under mist and
transitional regimes, where nonlinear interactions among LVF,
DR, and Reynolds number ratios dominate.

The complementary strengths of MLR and RFR highlight the
value of a dual-model framework. MLR provided interpretability
and statistical transparency, making it particularly useful for
controlled flow regimes. RFR, by contrast, captured nonlinear
interdependencies involving LVF, 𝑋𝐿𝑀 , DR, and the dielectric
constant of wet gas (𝜀𝑚), ensuring stability under complex
multiphase conditions. Together, these models form a correction
framework that balances interpretability with predictive power,
thereby strengthening the reliability of the USMMW system.

3.2 Validation and Comparative Assessment of
the USMMWOver‑Reading Correction Model

Following the identification ofMLRandRFRas themost effective
modelling strategies (see Section 2.4.4), the predictive capability
of the USMMW over-reading (OR) correction model was vali-
dated against independent experimental data and benchmarked
against conventional differential pressure (DP) correlations. Vali-
dation focused on four aspects: (i) the accuracy of OR prediction,
(ii) the average error performance across flow regimes, (iii) the
corrected wet gas flow rate (𝑄𝑔𝑐𝑜𝑟𝑟) relative to the reference
gas flow rate (𝑄𝑔), and (iv) comparative performance against
established DP models.

3.2.1 Validation of OR Prediction and Corrected Flow
Rates

As illustrated in Figure 6, the USMMW over-reading derived
from both MLR and RFR models demonstrated strong one-to-
one correlations between predicted and experimental OR values
across the full range of liquid volume fractions (LVF) and flow
regimes. The RFR model exhibited slightly superior robustness
under mist and transitional conditions, where nonlinear inter-
actions between LVF, density ratio (DR), and Reynolds number
ratios (Re𝑙/Re𝑔) dominate. In contrast, MLR provided highly
transparent parameter contributions, with residuals symmetri-
cally distributed around zero and no evidence of autocorrelation
(Durbin–Watson ≈ 2). These findings confirm that while MLR
offers interpretability, RFR captures nonlinearities more effec-
tively, consistent with earlier reports [10, 13].

As shown in Figure 7, the error analysis confirmed that USMMW
over-reading correction models based on both MLR and RFR
achieved relative absolute errors (RAE) consistently below ±5%,
with average values of 3.02% for MLR and 3.20% for RFR.
This level of accuracy is comparable to, and in some cases
surpasses, the performance of established wet gas correction
models reported in the literature. Residual analysis further

IET Science, Measurement & Technology, 2025 9 of 15

 17518830, 2025, 1, D
ow

nloaded from
 https://ietresearch.onlinelibrary.w

iley.com
/doi/10.1049/sm

t2.70039 by Ishigita L
ucas Shunashu - IN

A
SP (T

anzania) , W
iley O

nline L
ibrary on [27/11/2025]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense



FIGURE 6 Correlation of calibration over-reading to the USMMW over-reading correction.

FIGURE 7 Relative absolute error for USMMW over-reading models based on random forest regression and multilinear regression.

demonstrated the absence of systematic bias, with errors symmet-
rically distributed around zero for both models.

The ultrasonic flow meter’s over-reading flow rate (𝑄𝑡𝑝) was
corrected using the USMMWORmodel, yielding a corrected gas
flow rate (𝑄𝑔𝑐𝑜𝑟𝑟) that closely aligned with the actual reference gas
flow rate (𝑄𝑔). As illustrated in Figure 8, the corrected flow rates
consistently fell within ±5% of the reference values, with a clear
positive correlation across all operating conditions, especially
in the stratified and mist flow regimes. This demonstrates the
ability of the USMMW system to provide accurate wet gas flow
measurements while accounting for influencing factors such

as pressure, temperature, dielectric variability, and calibration
uncertainties.

3.2.2 Benchmarking Against Conventional DPModels

To situate the USMMW correction model within the broader
context of wet gas metering, its predictions were compared with
conventional DP-based OR models, including those of Murdock
[5], Chisholm [6], de Leeuw [7], and Smith and Leang [26].
Although no physical DP meter was installed in the present test
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FIGURE 8 Correlation of actual flowrate with the predicted flowrate determined by the USMMW over-reading correction model.

loop, the comparison remains valid because the functional forms
of these DP correlations are well established and expressed in
terms of parameters such as LVF, Lockhart–Martinelli number
(𝑋𝐿𝑀), density ratio (DR), and Reynolds numbers, all of which
were directly available from the USMMW dataset. This bench-
marking approach, where DP model predictions are computed
from existing flow loop data rather than repeating full DP
experiments, has been widely employed in wet gas metering
studies such as van Putten and Dsouza [13] and Collins et al. [4].

The comparison based on LVF, as illustrated in Figure 9,
shows that the USMMW model consistently maintained OR
values below 1.13 across the full range of LVF estimated from
microwave dielectric measurements. In contrast, conventional
DP models exhibited significantly higher OR values, in some
cases approaching 2.0 under equivalent wet gas conditions. This
divergence reflects the inherent sensitivity of DP meters to liquid
loading, where hydrodynamic disturbances and pressure drop
effects amplify over-reading errors. The USMMW system, by
integrating ultrasonic velocity measurement with microwave-
based LVF detection, demonstrated superior resilience to liquid
entrainment, thereby reducing error propagation across varying
LVF levels.

The influence of the Lockhart–Martinelli parameter on OR
predictions is shown in Figure 10. The USMMWmodel exhibited
a stable andnear-linear response to increasing𝑋𝑙𝑚, with corrected
ORvalues remainingwithin±5%of the reference across the tested
range. In contrast, conventional DP models displayed greater
variability, with over-reading errors escalating as 𝑋𝑙𝑚 increased
beyond 0.2. This trend highlights the limitations of empirical
DP correlations, which often lack adaptability across diverse
flow regimes. By contrast, the USMMW model, supported by

regression-based correction (MLR and RFR), effectively captured
the nonlinear interactions between 𝑋𝐿𝑀 , LVF and density ratio
(DR), ensuring robust performance under both low- and high-
liquid loading conditions.

Overall, the comparative analysis underscores the reasonable
performance of the USMMWmodel over conventional DP-based
OR models. While DP correlations remain widely used due to
their simplicity, they are prone to significant over-reading under
elevated LVF and 𝑋𝑙𝑚 conditions. The USMMW system, by
contrast, leverages sensor fusion and data-driven correction to
deliver consistently lower OR values and reduced uncertainty.
These findings confirm that the hybrid ultrasonic-microwave
approach not only mitigates the limitations of DP meters but also
provides a scalable, non-intrusive, andmore accurate solution for
industrial wet gas metering.

4 Discussion

The central challenge addressed in this study was the persistent
problem of OR inwet gasmeasurement, particularly in ultrasonic
flow meters, and the limitations of conventional correction
approaches such as differential pressure (DP) correlations and
baseline microwave dielectric models. The objective was to
develop and validate a hybrid USMMW system that integrates
ultrasonic velocity measurement, microwave-based liquid detec-
tion, and data-driven correction models to improve accuracy,
robustness, and field applicability.

An empirical OR correction model was constructed using
LVF and dimensionless parameters, including the Lockhart–
Martinelli parameter (𝑋𝐿𝑀), density ratio (DR), Froude number
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FIGURE 9 Comparison of conventional DP over-reading correction models and USMMW over-reading Model in varying liquid volume fraction.

FIGURE 10 Comparison of conventional DP over-reading correction model (computed using experimental data) with USMMW over-reading
model in varying Lockhart–Martinelli Parameter (XLM).
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(Fr𝑔), Reynolds numbers (Re𝑙, Re𝑔), Weber number (We), and
slip ratio (S). The integration of microwave dielectric sensing
(𝜀𝑚) with ultrasonic OR measurements provided the necessary
inputs for regression-based modelling. Both multilinear regres-
sion (MLR) and random forest regression (RFR) were applied.
MLR effectively captured additive linear contributions of the
predictor variables, while RFR successfully modelled nonlin-
ear interdependencies. Together, these approaches established
a dual-model framework that balances interpretability with
predictive power.

Validation against independent datasets confirmed that the
USMMW system consistently corrected ultrasonic over-reading,
yielding corrected gas flow rates (𝑄𝑔) within ±5% of reference
Coriolismeasurements. The average relative absolute error (RAE)
was 3.02% for MLR and 3.20% for RFR, demonstrating high accu-
racy and robustness. Residual analysis confirmed the absence of
systematic bias, and importantly, RFRmaintained stability under
mist and transitional regimes where conventional linear models
typically degrade. These findings directly address the research
problem of ultrasonic over-reading in wet gas metering.

Comparative analysis with established DP-based correlations
(Murdock [5], Chisholm [6], Homogeneous [7], and Smith and
Leang [25]) further demonstrated the superiority of the USMMW
approach. As shown in Figures 8 and 9, the USMMW model
maintained OR values below 1.13 across increasing LVF and
𝑋𝑙𝑚, while DP models exhibited OR values approaching 2.0
under equivalent conditions. This confirms that DP meters,
though widely used, are inherently sensitive to liquid loading
and pressure drop effects, leading to systematic overestimation.
By contrast, the USMMW system, through sensor fusion and
regression-based correction, provided stable and accurate per-
formance across regimes. However, when positioned relative to
earlier hybrid methods such as Contra-Propagated Transmission
Ultrasonics (CPTU) and Time-Averaging Transmission Intensity
Ultrasonics (TAITIU), which rely on static empirical corrections
[16, 19], the USMMW system advances the field by incorporating
dimensionless parameters and machine learning. The USMMW
resulting average RAE of 3.02% outperformed the ±3–8% errors
typically reported for CPTU/TAITIU under high-LVF conditions.

The effectiveness of the model hinges on the optimisation
parameters; as these parameters are optimised, the accuracy
of predictions improves. The USMMW model initially utilised
12 optimisation parameters, which were later scaled down to
eight for dimensional analysis. This approach is supported by
Collins et al. [4], who evaluated various traditional corrections
and reported the following apparent uncertainties:Homogeneous
at 5.43%, de Leeuw at 3.70%, Murdock at 7.03%, and Chisholm
at 10.30% for Lockhart–Martinelli parameters ≤0.3. Most models
employed fewer than three optimisation parameters,whereas ISO
TR11583:12 achieved a superior over-reading uncertainty of 2.34%
using 12 optimisation parameters.

Beyond benchmarking against conventional DP correlations and
earlier hybrid ultrasonic methods, it is equally important to
position the present work within the context of recent data-
driven advances in wet gas metering, where machine learning
and regression frameworks have begun to redefine accuracy stan-
dards. Li et al. [15] demonstrated that gradient-boosted regression

applied to multiphase flow prediction achieved 𝑅2
> 0.97 and

reduced RMSE by nearly 40% compared to conventional empir-
ical correlations, highlighting the strength of ensemble learning
in capturing nonlinearities in gas-liquid interactions. Similarly,
Hosseini et al. [27] applied multiple machine learning algorithms
to Venturi-based wet gas metering and showed that direct ML
prediction of gas and liquid flow rates consistently achieved
errors below 5%, outperforming traditional Lockhart–Martinelli
based correlations. These independent findings reinforce the
present study’s results: regression- and ML-based correction
frameworks not only mitigate ultrasonic over-reading but also
provide robustness across mist and transitional regimes where
empirical models typically degrade.

Taken together, these findings confirm that the USMMW system
meets the stated objectives: it develops a robust OR correction
model, validates it experimentally, benchmarks it against conven-
tional DPmodels, and demonstrates resilience under industrially
relevant conditions. By embedding both interpretability (via
MLR) and nonlinear adaptability (via RFR), the USMMW system
aligns with and extends recent advances in data-driven wet gas
metering, offering a scalable, accurate, andnon-intrusive solution
that enhances measurement accuracy, safety, and operational
reliability.

5 Limitations

While the present study demonstrates the potential of the
USMMW correction framework, several limitations should be
acknowledged. The experiments were conducted using a single
pipe diameter under controlled laboratory conditions, and no
systematic variation of upstream disturbances was introduced.
As such, the results are valid within the tested operating enve-
lope and should not be generalised without caution. Broader
applicability will require validation across multiple pipe diam-
eters, pressure ranges, and flow regimes, including field-scale
conditions where installation effects and upstream disturbances
are more pronounced. In addition, although the benchmarking
against conventional DP correlations provides a transparent and
widely accepted comparative framework, future studies should
incorporate direct DP meter measurements under identical con-
ditions to further strengthen the comparative analysis. Finally,
while the regression and machine learning models demonstrated
strong predictive capability, their robustness under varying gas
compositions, salinity levels, and condensate fractions remains
to be tested. Addressing these aspects in future work will not only
enhance the physical validity of the correction framework but also
accelerate its readiness for industrial deployment.

6 Conclusion

The present study establishes a compelling benchmark in the
development of non-intrusive, hybrid metering technologies for
wet gas applications by successfully integrating Ultrasonic and
Microwave (USMMW) sensing systems. Through the creation
of a data-driven OR correction model, the system demonstrated
high accuracy, achieving an average of 3.02% RAE, and proved
resilient under mist and stratified flow regimes. The comple-
mentary strengths of ultrasonic flow rate measurement and
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microwave-based LVF detection enable real-time flow monitor-
ing without the operational constraints of traditional intrusive or
radiometric techniques. Critically, this work not only validates
the theoretical framework and regression modelling strategies
but also highlights the robustness and scalability of the USMMW
approach in multiphase environments characterised by hydrody-
namic complexity.

To build on this achievement, future work should extend valida-
tion beyondmist regimes to stratified and annular flows, ensuring
broader generalisability across industrial operating envelopes.
Field-scale trials under high-pressure, high-temperature condi-
tions are essential to confirm long-term reliability and compli-
ance with international custody transfer standards. Methodologi-
cally, further research should focus on adaptive dielectric models
that explicitly account for salinity, temperature, and pressure
effects, as well as hybrid modelling strategies that combine the
interpretability of linear regression with the nonlinear learning
capacity of ensemble methods. Overall, the USMMW system
represents a transformative advancement in wet gas metering,
offering a scalable, safe, and high-fidelity alternative for subsea,
high-pressure, and remote gas monitoring environments.

Author Contributions

Ishigita Lucas Shunashu: conceptualisation, methodology, data cura-
tion, formal analysis, software, visualisation and writing – original draft.
Osmund Kaunde: supervision, validation, writing – review and editing.
DuncanMwakipesile: supervision, writing – review and editing.

Funding

The authors have nothing to report.

Conflicts of Interest

The authors declare no conflicts of interest.

Data Availability Statement

The data that support the findings of this study are available from the
corresponding author upon reasonable request.

References

1. E. Graham, R. Harvey, N. Barton, and C. Mills, “Issues and Challenges
WithWet-gas Sampling,”Measurement andControl 46, no. 2 (2013): 58–62,
https://doi.org/10.1177/002029401304600205.

2. I. Ismail, J. C. Gamio, S. F. A. Bukhari, andW.Q. Yang, “Tomography for
Multi-phase Flow Measurement in the Oil Industry,” Flow Measurement
and Instrumentation 16, no. 2–3 (April 2005): 145–155, https://doi.org/10.
1016/j.flowmeasinst.2005.02.017.

3. D. L. Gysling, D. H. Loose, and R. Volz, “Wet Gas Metering Using
Combination of Differential Pressure and SONAR Flow Meters,” in
Proceedings of the North Sea Flow Measurement Workshop, Oct. 2006,
pp. 1–20. [Online], https://nfogm.no/wp-content/uploads/2019/02/2006-
D01-Wet-Gas-Metering-Combination-of-DP-and-SONAR-Flow-Meters-
Gysling-CiDRA.pdf.

4. A. Collins, M. Tudge, C. Wade, and S. Isa, “Evaluating and Improving
Wet Gas Corrections for Horizontal Venturi Meters,” in Proceedings
of the North Sea Flow Mearurement Workshop, Oct. 2015, pp. 1–
20, https://nfogm.no/wp-content/uploads/2019/02/2015-04-Evaluating-
and-Improving-Wet-Gas-Corrections-Collins-Solartron.pdf.

5. J.W.Murdock, “Two-Phase FlowMeasurementWithOrifices,” Journal
of Fluids Engineering—Transactions of the ASME 84, no. 4 (1962): 419–432,
https://doi.org/10.1115/1.3658657.

6. D. Chisholm, “Research Note: Two-Phase Flow Through Sharp-Edged
Orifices,” Journal of Mechanical Engineering and Sciences 19, no. 3 (1977):
128–130, https://doi.org/10.1243/jmes_jour_1977_019_027_02.

7. R.de Leeuw, “Liquid Correction of Venturi Meter Readings in Wet Gas
Flow,” in Proceedings of the North Sea Flow Measurement Workshop, Oct.
1997, pp. 1–15, https://nfogm.no/wp-content/uploads/2019/02/1997-05-
Liquid-Correction-of-Venturi-Meter-Readings-in-Wet-Gas-Flow-De-
Leeuw.pdf.

8. F. M. Sabzevari, R. S. C. Winter, D. Oloumi, and K. Rambabu, “A
Microwave Sensing and Imaging Method for Multiphase Flow Metering
of Crude Oil Pipes,” IEEE Journal of Selected Topics in Applied Earth
Observations and Remote Sensing 13 (2020): 1286–1297, https://doi.org/10.
1109/JSTARS.2020.2977303.

9. L. Xing, Y. Geng, C. Hua, et al., “A Combination Method for Metering
Gas-Liquid Two-Phase Flows of Low Liquid Loading Applying Ultrasonic
and Coriolis Flowmeters,” Flow Measurement and Instrumentation 37
(2014): 135–143, https://doi.org/10.1016/j.flowmeasinst.2014.01.005.

10. Y. Xu, P. Yu, Z. Zhu, C. Yuan, and T. Zhang, “Over-Reading Modeling
of the Ultrasonic Flow Meter in Wet Gas Measurement,” Measurement:
Journal of the International Measurement Confederation 98 (February
2017): 17–24, https://doi.org/10.1016/j.measurement.2016.11.007.

11. Ø. Lund Bø and E. Nyfors, “New Compact Wet Gas Meter
Based on a Microwave Water Detection Technique and Differential
Pressure Flow Measurement,” in Proceedings of the North Sea Flow
Measurement Workshop, Oct. 2018, pp. 1–15, https://nfogm.no/wp-
content/uploads/2019/02/2018-04.1-New-Compact-Wet-Gas-Meter-
Based-on-a-Microwave-Water-Detection-Technique-and-Differential-
Pressure-Flow-Measurement-Bo-Nyfors.pdf.

12. H. R. E. van Maanen, “Measurement of the Liquid Water Flow
Rate Using Microwave Sensors in Wet-gas Meters: Not as Simple
as You Might Think,” in Proceedings of the 26th International
North Sea Flow Measurement Workshop, Oct. 2008, pp. 345–354,
https://nfogm.no/wp-content/uploads/2019/02/2008-21-Measurement-
of-the-Liquid-Water-Flow-Rate-Using-Microwave-Sensors-in-Wet-Gas-
Meters-van-Maanen-Shell.pdf.

13. D. van Putten and B. Dsouza, “Wet Gas Over-Reading Correction for
Ultrasonic FlowMeters,” Experiments in Fluids 60, no. 3 (March 2019): 45,
https://doi.org/10.1007/s00348-019-2693-6.

14. A. M. Iliyasu, M. H. Shahsavari, A. S. Benselama, E. Nazemi, and A.
S. Salama, “An Optimised and Novel Capacitance-based Sensor Design
for Measuring Void Fraction in Gas–Oil Two-Phase Flow Systems,”
Nondestructive Testing and Evaluation 39, no. 1 (2024): 1–73, https://doi.
org/10.1080/10589759.2023.2301492.

15. K. Lin, X. J. Mao, M. Bao, and M. Wang, “Integrating Machine
Learning With Sensor Technology for Multiphase Flow Measurement,”
IEEE Sensors Journal 15, no. 1 (2024): 37–48, https://doi.org/10.1109/JSEN.
2024.343729.

16. M. Wang, D. Zheng, J. Mei, Y. Mao, and J. Hu, “A New Method for
Processing Ultrasonic Gas Flowmeter Signal in Wet Gas,” IET Science,
Measurement and Technology 15, no. 1 (January 2021): 2–13, https://doi.
org/10.1049/smt2.12001.

17. B. Funck and P. Baldwin, “Challenges For Ultrasonic Flow Meters In
Wet Gas Applications,” in Proccedings of the North Sea FlowMeasurement
Workshop, Oct. 2012, pp. 1–15, https://nfogm.no/wp-content/uploads/
2014/02/FLEXIM-GmbH-2012-NFOGM_01.pdf.

18. L. Xing, C. Hua, H. Zhu, andW. Drahm, “FlowMeasurementModel of
Ultrasonic Flowmeter for Gas-Liquid Two-Phase Stratified and Annular
Flows,” Advances in Mechanical Engineering 6 (2014): 194871, https://doi.
org/10.1155/2014/194871.

19. K. J. Zanker and G. J. Brown, “The Performance of a Multi-path
Ultrasonic Meter With Wet Gas,” in Proccedings of the North Sea Flow

14 of 15 IET Science, Measurement & Technology, 2025

 17518830, 2025, 1, D
ow

nloaded from
 https://ietresearch.onlinelibrary.w

iley.com
/doi/10.1049/sm

t2.70039 by Ishigita L
ucas Shunashu - IN

A
SP (T

anzania) , W
iley O

nline L
ibrary on [27/11/2025]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://doi.org/10.1177/002029401304600205
https://doi.org/10.1016/j.flowmeasinst.2005.02.017
https://nfogm.no/wp-content/uploads/2019/02/2006-D01-Wet-Gas-Metering-Combination-of-DP-and-SONAR-Flow-Meters-Gysling-CiDRA.pdf
https://nfogm.no/wp-content/uploads/2019/02/2015-04-Evaluating-and-Improving-Wet-Gas-Corrections-Collins-Solartron.pdf
https://doi.org/10.1115/1.3658657
https://doi.org/10.1243/jmes_jour_1977_019_027_02
https://nfogm.no/wp-content/uploads/2019/02/1997-05-Liquid-Correction-of-Venturi-Meter-Readings-in-Wet-Gas-Flow-De-Leeuw.pdf
https://doi.org/10.1109/JSTARS.2020.2977303
https://doi.org/10.1016/j.flowmeasinst.2014.01.005
https://doi.org/10.1016/j.measurement.2016.11.007
https://nfogm.no/wp-content/uploads/2019/02/2018-04.1-New-Compact-Wet-Gas-Meter-Based-on-a-Microwave-Water-Detection-Technique-and-Differential-Pressure-Flow-Measurement-Bo-Nyfors.pdf
https://nfogm.no/wp-content/uploads/2019/02/2008-21-Measurement-of-the-Liquid-Water-Flow-Rate-Using-Microwave-Sensors-in-Wet-Gas-Meters-van-Maanen-Shell.pdf
https://doi.org/10.1007/s00348-019-2693-6
https://doi.org/10.1080/10589759.2023.2301492
https://doi.org/10.1109/JSEN.2024.343729
https://doi.org/10.1049/smt2.12001
https://nfogm.no/wp-content/uploads/2014/02/FLEXIM-GmbH-2012-NFOGM_01.pdf
https://doi.org/10.1155/2014/194871


Measurement Workshop, Oct. 2000, pp. 1–15, https://nfogm.no/wp-
content/uploads/2019/02/2000-05-The-Performance-of-a-Multi-Path-
Ultrasonic-Meter-with-Wet-Gas-Zanker-Brown-Cranfield.pdf.

20. K. Manoj, S. M. Natarajan, H. Baker, J. W. John, and G. Firouz,
“Non-Intrusive Microwave System for Multiphase Flow Metering,”
in Proceedings of the North Sea Flow Measurement Workshop, Oct.
2018, pp. 1–20. NFOGM, Tekna, Oslo, Norway, https://nfogm.no/wp-
content/uploads/2019/02/2018-04.2-Non-Intrusive-Microwave-System-
for-Multiphase-Flow-Metering-TreeLane.pdf.

21. C. G. Xie and Z. Wu, “Microwave Doppler System for Multiphase
FlowMeasurement,” paper presented at the 7th International Symposium
on Measurement Techniques for Multiphase Flows, Tianjin, China,
September 17–19. 2011; published in AIP Conference Proceedings 1428, no.
1 (2012), 319–326, https://doi.org/10.1063/1.3694721.

22. American Gas Association, AGA Report No. 9: Measurement of Gas by
Multipath Ultrasonic Meters, 2nd ed., Washington, DC, USA: American
Gas Association, Apr. 2007, p. 16, https://webstore.ansi.org/preview-
pages/AGA/preview_XQ0701.pdf.

23. International Organization for Standardization, ISO/TR 12748: Nat-
ural gas—Wet gas flow measurement in natural gas operations, Geneva,
Switzerland: ISO, Oct. 2015, pp. 2–3, https://www.iso.org/standard/67034.
html.

24. J. A. StrattonElectromagnetic Theory (Wiley-IEEEPress, Hoboken, NJ,
USA, 2007), 615 pp.

25. A. Al-Sarkhi, V. Duc, C. Sarica, and E. Pereryra, “Upscaling Modeling
Using Dimensional Analysis in Gas-liquid Annular and Stratified Flows,”
Journal of Petroleum Science and Engineering 137 (2016): 240–249, https://
doi.org/10.1016/j.petrol.2015.11.028.

26. R. V. Smith and J. T. Leang, “Evaluations of Correlations for Two-
Phase Flowmeters Three Current—One New,” Journal of Engineering for
Gas Turbines and Power 97, no. 4 (1975): 589–593, https://doi.org/10.1115/
1.3446072.

27. S. Hosseini, G. Chinello, G. Lindsay, S. Smith, and D. McGlinchey,
“Multiphase Flow Measurement of Wet Gas Flow Using Machine Learn-
ing Modelling Algorithms,” Measurement Sensors 25, no. 1 (2025): 3–5,
https://doi.org/10.1016/j.measen.2024.101556.

IET Science, Measurement & Technology, 2025 15 of 15

 17518830, 2025, 1, D
ow

nloaded from
 https://ietresearch.onlinelibrary.w

iley.com
/doi/10.1049/sm

t2.70039 by Ishigita L
ucas Shunashu - IN

A
SP (T

anzania) , W
iley O

nline L
ibrary on [27/11/2025]. See the T

erm
s and C

onditions (https://onlinelibrary.w
iley.com

/term
s-and-conditions) on W

iley O
nline L

ibrary for rules of use; O
A

 articles are governed by the applicable C
reative C

om
m

ons L
icense

https://nfogm.no/wp-content/uploads/2019/02/2000-05-The-Performance-of-a-Multi-Path-Ultrasonic-Meter-with-Wet-Gas-Zanker-Brown-Cranfield.pdf
https://nfogm.no/wp-content/uploads/2019/02/2018-04.2-Non-Intrusive-Microwave-System-for-Multiphase-Flow-Metering-TreeLane.pdf
https://doi.org/10.1063/1.3694721
https://webstore.ansi.org/preview-pages/AGA/preview_XQ0701.pdf
https://www.iso.org/standard/67034.html
https://doi.org/10.1016/j.petrol.2015.11.028
https://doi.org/10.1115/1.3446072
https://doi.org/10.1016/j.measen.2024.101556

	Integrated Ultrasonic Flow Meter and Microwave Sensing Technology for Wet Gas Measurement: Development and Validation of Over-Reading Correction Models
	1 | Introduction
	2 | Material and Methods
	2.1 | Measurement Principle
	2.1.1 | Transit-Time Ultrasonic Flowmeter (TT-USM)
	2.1.2 | Microwave Transmission Line Sensor

	2.2 | Over-Reading Correction for Ultrasonic Flow Meter
	2.3 | Hybrid OR Correction
	2.4 | Data Collection and Feature Computation
	2.4.1 | Experimental Facility and Setup
	2.4.2 | Calibration and Baseline Measurements
	2.4.3 | Data Acquisition and Processing
	2.4.4 | Modelling Framework for OR Correction


	3 | Results
	3.1 | Performance Overview
	3.2 | Validation and Comparative Assessment of the USMMW Over&#x2011;Reading Correction Model
	3.2.1 | Validation of OR Prediction and Corrected Flow Rates
	3.2.2 | Benchmarking Against Conventional DP Models


	4 | Discussion
	5 | Limitations
	6 | Conclusion
	Author Contributions
	Funding
	Conflicts of Interest
	Data Availability Statement
	References


